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Introduction

From : https://www.youtube.com/watch?v=cC57J8Y40uQ
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Video Process Model(1/2)
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Video Process Model(2/2)
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Figure 1: We propose a pure-transformer architecture for video classification, inspired by the recent success of such models for images [15].
To effectively process a large number of spatio-temporal tokens, we develop several model variants which factorise different components
of the transformer encoder over the spatial- and temporal-dimensions. As shown on the right, these factorisations correspond to different
attention patterns over space and time.
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Overview(2/2)
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Implementation and Difficultly



Device Implementation(1/3)
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Data Collection(1/2)
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Data Collection(2/2)
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Data Splitting
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Data Preprocessing(1/2)
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Data Preprocessing(2/2)
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Model Overview(1/3)

e CNN Model

* Version 1
* Total params: 969,098
* Trainable params: 969,098
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Model Overview(2/3)

e ConvLSTM Model

* Version 3
* Total params: 278,730
* Trainable params: 278,538
* Non-trainable params: 192
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Model Overview(3/3)

* R(2+1)D Model

* Version 7

* Total params: 450,154

* Trainable params: 450,122

* Non-trainable params: 32
* Version 8
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* Version 9
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Model Version 1(1/3)
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e Source Code
https://github.com/ase12345636/2024-mWave-Al-Otamatone
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